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PA-RDFKNet

e Knowledge Distillation for Plant Age Estimation — We leverage e Enhanced Learning from Multi-Modal Features — The student

Multimodality in Growth Monitoring

a multi-modal teacher model (RGB + depth) to train a model learns rich representations from the teacher, improving
single-modal student model (RGB only) for radish plant age performance using only RGB images.
prediction.
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e We introduced PA-RDFKNet to extrapolate depth knowledge [1] Shreya Bansal, M Singh, S Barda, V Kumar, N Goel, M Saini,
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information in radish plant age estimation.
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e We train a teacher—student model that significantly improves
age prediction from RGB images from 2 to 0.14 weeks.
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e We validated our proposed model with three different RGB
datasets, depicting the applicability of the model in real-time.




